Abstract knowledge about the tasks we encounter enables us to rapidly and flexibly adapt to novel task contexts. Previous research has focused primarily on abstract rules that leverage shared structure in stimulus-response (S-R) mappings as the basis of such task knowledge. Here we provide evidence that working memory (WM) gating policies -a type of control policy required for internal control of WM during a task -constitute a form of abstract task knowledge that can be transferred across contexts. In two experiments, we report specific evidence for the transfer of selective WM gating policies across changes of task context. We show that this transfer is not tied to shared structure in S-R mappings, but instead in the dynamic structure of the task. Collectively, our results highlight the importance of WM gating policies in particular, and control policies in general, as a key component of the task knowledge that supports flexible behavior and task generalization.
Introduction
Humans display remarkable cognitive flexibility in novel task environments (McClelland, 2009) . Given only verbal instruction, we rapidly adapt to new tasks, often achieving asymptotic levels of performance within just a few trials (Ackerman, 1988; Bhandari & Duncan, 2014; Ruge & Wolfensteller, 2010; Wolfensteller & Ruge, 2011) . Such rapid adaptation relies, in part, on abstract task knowledge transferred from prior experience with other tasks. Abstract task knowledge captures regularities in the space of task environments, and can thus speed up learning in the new environment by reducing the size of the learning problem (Botvinick, Niv, & Barto, 2009; Cole, Etzel, Zacks, Schneider, & Braver, 2011; Collins & Frank, 2013; Gershman & Niv, 2010) .
What form does such abstract task knowledge take? The vast majority of prior studies seeking to address this question have focused on rules, or stimulus-response (S-R) mappings as the basis of task knowledge. In these frameworks, abstract rules generalize prior knowledge and thus constrain the (usually) very large space of stimulus-responseoutcome contingencies afforded by a novel task environment (Badre, Kayser, & D'Esposito, 2010) . Such rules can both be instructed (CohenKdoshay & Meiran, 2007 , 2009 Cole, Bagic, Kass, & Schneider, 2010; Meiran, Pereg, Kessler, Cole, & Braver, 2015; Ruge & Wolfensteller, 2010) or transferred from prior experiences (Cole et al., 2011; Collins & Frank, 2013) to rapidly enable successful behavior in novel environments.
The implementation of a task, however, requires more than just the knowledge of stimulus-response contingencies. Even the simplest everyday task environments have dynamical structure, with events unfolding in a specific order, and with specific timing (Radvansky & Zacks, 2014) . To achieve task goals in a dynamic task environment, then, one must also learn an internal control policy or task model aligned to the task's dynamic structure for the moment-by-moment control of internal cognitive processing (Bhandari & Duncan, 2014; Duncan et al., 2008) . Such implementational control policies are not typically communicated via instruction and must be discovered and implemented "on the fly", through task experience. In other words, a 'task-set' must incorporate knowledge about implementational control contingencies beyond those specified in stimulus-response mappings (Rogers & Monsell, 1995) .
In this paper, we ask whether control policies are themselves a form of abstract task knowledge that, like rules, can be transferred to novel task contexts. Just like different real-world tasks often share stimulusresponse-outcome contingencies, they also share other forms dynamic structure (Botvinick, Weinstein, Solway, & Barto, 2015; Schank & Abelson, 1977) . Such shared structure affords an opportunity for generalization of internal control policies. Instead of learning new control policies from scratch, humans may build repertoires of internal control policies that are re-used in novel tasks.
We operationalize this question within the domain of working memory (WM) control -i.e. the selective use of working memory. WM control has been extensively analyzed within the gating framework (see Fig. 1 ), in which access to WM is controlled by a set of input and output gates (Chatham & Badre, 2015; O'Reilly and Frank, 2006; Todd, Niv, & Cohen, 2009 ). The contents of WM can be selectively updated by
